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Abstract: Local criminalization policies draw on the logic of deterrence to levy costs on 

individuals who engage in behaviors that are closely associated with various public concerns, 

such as those criminalizing behaviors associated with homelessness, thereby potentially reducing 

community-level costs. Yet, it is unclear whether the presence of these policies can be relied 

upon to reduce the frequency of a social crises within a local municipality. To answer this 

question, this article utilizes a difference-in-difference design to determine whether passing an 

ordinance criminalizing behaviors closely related to homelessness produces a subsequent 

decrease in homelessness within a community, thereby generating the expected community-level 

cost savings. Contrary to the deterrence logic, the results indicate that these local criminalization 

ordinances cannot be relied upon to reduce the social crisis rate (i.e., the number of people 

experiencing homeless) and therefore do not provide the intended community-level benefit.   
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Introduction 

Local governments frequently implement criminalization policies to deter individuals 

from engaging in behaviors that generate community-level costs. As such, criminalization 

policies are a critical component of the local policy landscape in the United States. These 

ordinances are rooted in the rational economic actor logic and designed to levy costs on 

individuals who engage in various socially undesirable activities to reduce the prevalence of a 

social concern within the boundaries of a local jurisdiction. Examples of criminalization 

ordinances include truancy and curfew laws to motivate young people to stay in school or at 

home rather than engage in potentially illegal activities; HIV exposure laws to reduce the spread 

of sexually transmitted diseases; travel bans for women seeking reproductive care to eliminate 

the possibility of abortion (Dawson, 2023); and laws regulating the movements of immigrants 

without proper documentation to discourage citizens of other countries from residing within a 

given area. Prior research has shown that these policies involve hefty individual-level costs and 

target a specific set of individual behaviors that are deeply tied to various identities (Gaynor 

2018; Herring 2021; Martínez 2022; Schneider and Ingram 1993), but few studies have explicitly 

tested whether these policies can be tied to subsequent decreases in the presence of a given social 

concern, thereby generating community-level benefits.  

To answer this critical question, the authors examine the local impact of ordinances that 

criminalize activities closely related to the experience of homelessness, including bans on 

camping, panhandling, and public drunkenness and urination (Herring 2019). While some claim 

that these policies are not intended to target homeless individuals and instead apply equally to 

homeless and non-homeless city residents (Grants Pass v Johnson, 2024), local governments 

frequently cite the homeless population as well as the public concern of homelessness as the 
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reason for the passage of these policies. As such, despite the neutral language of these policies, 

these punitive measures intend to target homeless individuals with the goal of reducing the 

visibility of homelessness, maintaining public order, and encouraging homeless individuals to 

either leave the municipality or end their homeless state (Giamarino and Loukaitou-Sideris 2024; 

Markowitz and Syverson 2019). Given the statements of local governments and the relevant 

scholarship, homeless criminalization laws are an ideal context for an investigation into the 

relationship between the passage of criminalization laws and subsequent rates of homelessness 

within a given area. 

As of the most recent Point-In-Time count, an estimated 274,224 people slept unsheltered 

on a given night, a record-high number that accounted for 36% of the total population of people 

experiencing homelessness (HUD 2024). Sleeping unsheltered includes on the street, in a park, 

in a car, or other place not meant for sleeping, thus a more visible form of homelessness than 

sleeping in a shelter or transitional housing. Likewise, many shelters close during the daytime, 

forcing people to engage in regular daily activities while in public, visible places (Bowen and 

Capozziello 2022). As the visibility of homeless individuals can cause discomfort for the general 

public, reducing the visibility of homelessness and associated behaviors such as panhandling 

could potentially balance multiple city governance goals, such as ensuring public safety, creating 

a sense that the task environment for the locality is improving, and increasing local tourism and 

economic activity (Canham et al. 2021; Margier 2023). Additionally, as managing and governing 

homelessness can involve additional investments in health, safety, and housing costs, individual 

instances of homelessness generate an economic strain on a given community. Therefore, 

criminalization ordinances, which make homelessness costly for the individual, can thus 

potentially generate community-level benefits and limit community-level costs by pushing 
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people into shelter, alternative arrangements, or nearby jurisdictions (Giamarino and Loukaitou-

Sideris 2024; Kim, Sullivan, and Lee 2022; Pratt et al 2017).  

The authors ask the research question: does the passage of a criminalization policy within 

a given locality lead to a reduction in the social concern, thereby generating a community-level 

benefit? Using a difference-in-differences research design robust to differential treatment timing 

by estimating an interaction weighted estimator (Sun and Abraham 2021) and controlling for 

fixed characteristics of each Continuum of Care homeless coordinating body (CoC), national 

time trends, and events common to all CoCs within each state and year, the authors find evidence 

against the deterrence rationale. Contrary to the commonly stated logic that homelessness would 

decrease locally if actions closely related to the condition are criminalized through legislative 

efforts, the authors find that the passage of a criminalization ordinance does not statistically 

relate to a decrease in homelessness in the years following the ordinance, when comparing 

communities that have passed such laws with those that have not. Instead, the results indicate 

that communities with and without these ordinances experience similar trends in rates of 

homelessness over time despite the increased costs placed on people experiencing homelessness. 

Literature and Conceptual Model 

  To properly engage with the foundational elements of the research question, we begin by 

investigating the reasons that a locality might pass a criminalization ordinance by focusing on the 

connections between social constructions of target populations (Schneider and Ingram, 1993), 

the passage of criminalization policies, and the logic of deterrence. We then identify the specific 

nature of homeless criminalization as both rooted in negative social constructions and 

stigmatization (e.g., Canham et al. 2021; Mullenbach et al. 2023) as well as a belief that 

individuals will choose not to be homeless within a given jurisdiction if the costs of remaining 
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within the city were raised via legislative efforts. Lastly, we build our conceptual model for 

locational choices of people experiencing homelessness to include a number of potential factors, 

including the presence of punitive policies.  

Criminalization Policies: The Expected Community-Level Benefit of Socially Constructed 

Individual-Level Deviancy  

Across the United States, many local and state governments have adopted ordinances – 

often referred to as criminalization policies – which punish various actions closely aligned with 

identities that are constructed as socially deviant, dangerous, and concerning to the public 

welfare (Rankin 2021).  Unlike administrative and bureaucratic processes, which similarly can 

burden certain populations more than others based on a perceived worthiness (Baekgaard et al., 

2021; Lasky-Fink and Linos 2023), criminalization policies are legislative efforts that make 

specific behaviors illegal within a locality and punishable through fines, fees, and potential 

jailtime for offenders. In assigning an explicit criminal nature to various activities, 

criminalization policies frame specific groups and set of behaviors in a negative light, impacting 

how the groups are viewed, talked about, and supported within the public consciousness (Gaynor 

2018; Schneider and Ingram 1993). Even when legislators pass these policies without 

enforcement, the threat of enforcement and the narrative of deviancy maintain these social 

systems of harm and may deter people with the identity from engaging in activities and 

experiences, even those necessary for their individual health, safety, and well-being (e.g., 

Kennerly 2023).  

However, while criminalization policies often harm members of the target populations 

and shape how they are seen and treated, those who support criminalization policies often defend 

these actions based on a deterrence logic- arguing that if the individual-level costs of a given 
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action increase, individuals will be disincentivized to practice the behavior, thus reducing 

community-level costs (Markowitz and Syverson 2019). This framework assumes that 

individuals impacted by social crises can choose between several different responses (Tausen 

and Fossum 2024) and that if certain actions are punishable, individuals will choose to not 

engage in those activities. As such, even if criminalization ordinances have negative effects on 

the individual members of the criminalized group, these effects must be weighed against 

potential positive effects for the rest of the community. For instance, if the policies deter people 

from engaging in certain activities or push people to only pursue specific experiences in other 

jurisdictions, resources that would have been spent on the problem could be reallocated to other 

services that benefit the community (Basolo 1999; Dahlberg and Edmark 2008; Kim et al. 2022). 

Equity for people being criminalized would then need to be balanced with the effectiveness of 

solving the problem for the rest of the community (Kim and Sullivan 2023).  

However, if criminalization policies do not result in a significant reduction of the 

problem within the community, the community is left with only the costs levied on people 

experiencing the problem, which is therefore a net welfare loss. The individual costs are not only 

a concern on a philosophical level but on a practical one as well. Criminalization efforts can 

result in lawsuits against state-agencies, disruptions in public service delivery, and significant 

declines in public trust and safety. As such, there is a need to test the effect of criminalization 

policies on the local state of the problem and the capacity of criminalization efforts to produce 

the expected community-level benefit.  

Public Management Concerns, Stigmatized Perceptions, and the Local Tendency to Criminalize 

Homelessness   
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In exploring the effectiveness of criminalization policies through a quantitative, 

nationwide examination of such policies, homelessness presents an ideal methodological context 

due to (1) the prevalence of ordinances regulating behaviors associated with homelessness, (2) 

cross-community variation in ordinances, and (3) data availability on ordinances and 

homelessness (Herring 2019; 2021). Additionally, as the population of homeless individuals in 

the United States has been systematically stigmatized, criminalized, and socially constructed as 

deviant, with the goal of providing the community-level benefits discussed above, homelessness 

meets the substantive criteria of a criminalized condition (e.g., Mullenbach et al. 2023). Lastly, 

these criminalization policies have uniquely far-reaching potential individual- and community-

level impacts. Though the costs levied on the individual can be extensive because any person can 

experience homelessness at any given time, the potential for a larger benefit to the community – 

in the form of safety, order, and cost savings – is also far-reaching, leading some to cite the 

punitive penalties for such behaviors as an example of the equality levied upon all individuals 

through the arm of the law; as Anatole France stated over one-hundred years ago, “The law, in 

its majestic equality, forbids rich and poor alike to sleep under bridges, to beg in the streets, and 

to steal their bread.”  

With more than 770,000 people experiencing homelessness on a given night in 2024 

(HUD 2024), homelessness is a considerable local public management concern that is deeply tied 

to the principles of effective, equitable, efficient, and economical service delivery, both for the 

homeless individual and the public. Unlike the housed population, the physical and social 

conditions of homelessness result in an inequitable experience of public service delivery, 

particularly in the areas of public works and public safety. Similarly, due to inefficient and 

ineffective piece-meal approaches to homelessness governance, the costs of managing 
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homelessness are also high. As a result, studies suggest the per capita cost of homelessness is 

between $20,000 to $38,000 per year (Evans et al. 2016; Hunter et al. 2017) as people who 

experience homelessness obtain inconsistent and often urgent services through publicly and 

philanthropically funded healthcare, social service, EMS, and policing systems for their own 

needs (Ellsworth 2019; Evans et al. 2021) while housed individuals who encounter people 

experiencing homelessness call upon EMS or policing and regulatory bodies to resolve this 

concern, even if no real threat exists (Herring 2019, 2021). Moreover, some housed individuals 

may avoid areas where unhoused individuals reside, such as streets, under bridges, or parks, 

leading to disinvestment in those areas, including residential streets and commercial districts 

(Shin 2023). Overall, the continued prevalence of homelessness presents unique and potentially 

steep costs to a city, which is often constrained in its capacity to provide direct comprehensive 

services yet must still find ways to mitigate the significant costs of homelessness within its 

jurisdictional boundaries.   

As such, homeless individuals are often cited as a population that creates strains on the 

community-level regulatory and administrative functions of government, generating a negative 

social construction of the population. To combat these strains, the legislative branch of the local 

governance ecosystem has long attempted to pass ordinances explicitly and implicitly 

criminalizing individuals who live outdoors and those without consistent and safe shelter 

(Feldman, 2004). However, these policies are not passed simply because of the regulatory 

inconveniences and expenses that result from local instances of homelessness. Rather, 

homelessness criminalization is further tied to the social construction of the homeless population 

and the tendency to stigmatize and socially exclude homeless individuals from the larger public, 
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due to a presumption of personal irresponsibility placed upon the homeless individual (Canham 

et al. 2021; Feldman, 2004; Mullenbach et al. 2023).  

Indeed, individuals who believe that dispositional factors such as personal weakness 

cause homelessness are also less likely to help a homeless individual and more willing to impose 

punitive policies on people experiencing homelessness (Tausen and Fossum 2024). Likewise, in 

a systematic review, Reilly et al. (2022) found people experiencing homelessness faced stigma 

when accessing health services, including dehumanization, power differentials and stereotyping 

when seeking medications or appropriate treatments, and avoidance of services from internalized 

stigma. Schneider and Ingram (2019) in a review of Arizona legislation also found negative 

sentiment toward people experiencing homelessness, who typically saw losses in the legislation. 

Furthermore, media coverage of people presumed to be experiencing homelessness often 

presents images of tents and shopping carts and does not mention people by name in captions, 

contributing to the stigma of homelessness as “the other” (Bowen and Capozziello 2022). It is 

within this broader ecosystem of homeless stigmatization and negative social construction, that 

punitive policies for people experiencing homelessness emerge.  

Homelessness criminalization ordinances ban several behaviors, including requesting 

personal donations in a public setting, spending long periods of time in informal housing 

conditions such as a tent in a public park or sidewalk, and public displays of otherwise private 

behaviors, such as intoxication and urination. In a review of frequently-passed ordinances in 

sixteen cities, Giamarino and Loukaitou-Sideris (2024) categorized many homeless 

criminalization ordinances into four general types: Camping ordinances ban sleeping in public 

spaces, such as parks, sidewalks, or streets; loitering ordinances ban gathering in certain, public 

spots, such as outside of a theater; panhandling ordinances prevent requesting assistance from 
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people in public spaces, particularly when deems aggressive, although this distinction was 

typically left to law enforcement; and food ordinances prevent receiving food or drinks in public 

spaces. Additionally, various ordinances banning behaviors that are only criminalized due to 

their public nature – such as public intoxication, public urination, and public sleeping – are also 

overwhelmingly used to cite, fine, and jail homeless individuals and curb the visibility of 

homelessness. By raising the costs of taking these actions, cities hope to reduce the tolerability of 

homelessness in a given location, thereby reducing aggregate homelessness at a potentially low 

cost (O’Flaherty 2019).  

In the case of homelessness, the deterrence logic implicitly suggests that individuals 

experiencing homelessness can choose between 1) an unsheltered state, in which they camp on 

the streets, spend time on sidewalks, and situate their personal items in the public right of way, 2) 

a sheltered homeless state in which they and their personal items remain out of the public eye 

during all hours of the day/night, 3) a sheltered non-homeless state, or 4) experiencing 

homelessness in a different community thus also reducing the cost burden of the municipal entity 

(Council of Economic Advisers, 2019; City of Grants Pass v. Johnson, 2024; Sullivan and 

Yokokura 2022). As only options three and four produce cost savings for the city, 

criminalization policies presumably seek to disincentivize the first two options as well as 

implicitly or explicitly (i.e., via Move-Along Orders) encourage the latter two.  

Following the rational choice model, a person experiencing homelessness implicitly 

decides whether to locate in a given city. For instance, when first entering homelessness, they 

can either stay in the same city or move to a different city. Although most people experiencing 

homelessness do not move far, research suggests some movement. For example, 25% of people 

experiencing homelessness in California move between counties (Kushel and Moore 2023). 
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Sullivan and Yokokura (2022) studying rural homelessness in Kentucky find high rates of 

migration from rural counties to more urban counties, particularly with service providers. Thus, 

while most people experiencing homelessness continue to live in the locale they did before 

entering homelessness, some evidence for migration across counties exists. To determine 

whether this claim is accurate, this article asks whether criminalization policies lead to a 

reduction in homelessness in the years following passage.  

Conceptual Model: Homelessness, Local Costs, and Individual Locational Decisions 

We next explore this logic through a conceptual model regarding locational choice of 

people experiencing homelessness. To understand how these ordinances could reduce 

homelessness, consider the following model: 

𝐿𝑖𝑡 = 𝑓(𝐺𝑖𝑡 , 𝐴𝑖𝑡 , 𝑃𝑖𝑡 , 𝐺𝑗𝑡 , 𝐴𝑗𝑡 , 𝑃𝑗𝑡 , 𝐶𝑖𝑗𝑡) 

𝐿𝑖𝑡 is whether the person chooses to stay in the current location, i, at time, t. Whether 

they stay is first a function of three characteristics of location i: generosity, alternative options, 

and punitive policies. First, generosity, 𝐺𝑖𝑡, includes aspects such as housing services, shelter 

quality, ability to become housed, employment opportunities, and climate (Corinth and Lucas 

2018; Cragg and O’Flaherty 1999). Services include primary, homeless services such as 

emergency shelter, and long-term housing support such as permanent supportive housing 

following the Housing First model. For example, the Housing and Urban Development–Veterans 

Affairs Supportive Housing program provides permanent supporting housing vouchers for 

veterans experiencing homelessness (Evans et al. 2021). Services also include secondary services 

beyond housing; many day shelters offer supportive services without shelter, such as food, 

clothing, case management, legal services, and health care. Other services also offer programs 
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targeting the underlying causes of homelessness, including poverty, housing costs, and mental 

health care. Generosity also includes the complex environment of housing and welfare policies. 

For example, research finds building low-income housing tax credit units alongside permanent 

supportive housing relates with a decrease in homelessness compared to only implementing one 

policy (Kim and Sullivan 2021). However, these policies themselves often come with their own 

stigma particularly along the lines of race and class; affordable housing itself can spark images 

of handouts and unsafe neighborhoods, leading to lower support (Douglas et al. 2024; Tighe 

2012). Thus, stigma is engrained even for supportive policies, possibly lowering levels of 

generosity within jurisdictions.  

Holding all else constant, the more generous the benefits in city i, the stronger the 

likelihood the person stays (O’Flaherty 2019). Conversely, cities’ engaging in “race to the 

bottom” behaviors, such as cutting services to reduce migration, reduces the generosity and 

therefore the likelihood someone stays in the city (Brueckner 2000). For instance, lowering 

access to or the quality or availability of services will make it less desirable to use those services, 

thereby reducing the likelihood someone experiences homelessness in the location (O’Flaherty 

2003). Evidence for this phenomenon exists in the case of welfare benefits, particularly for 

bordering jurisdictions (McKinnish 2005). 

Another consideration is alternative options to homelessness while remaining in city i, 

𝐴𝑖𝑡, such as doubling-up with friends and family due to loss of housing, economic hardship, or a 

similar reason. Although generally not considered as homeless under the U.S. Department of 

Housing and Urban Development’s (HUD) definition of homelessness (Sullivan 2023), doubling 

up is prevalent across the country, with an estimated 3.7 million people doubling-up in 2019 

(Richard et al. 2022). Doubling-up often still entails negative consequences for people’s lives, 
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such as lowered educational attainment for children and intra-household conflict, but is less 

public than literal homelessness (Harvey 2020; 2022). If there are additional alternative options, 

such as strong social ties within the community or less stigma towards people doubling-up, street 

and emergency shelter homelessness will likely decrease as people shift to these alternative 

housing insecure situations (Corinth and Ross-de Vries 2018).  

Third and the focus of this study, 𝑃𝑖𝑡 refers to punitive policies, particularly ordinances 

regulating and raising the costs of behaviors related to homelessness in the community. As these 

costs increase, conditional on other factors, people experiencing homelessness are, conceptually, 

less likely to stay in the community. For instance, the White House’s Council of Economic 

Advisers (2019) suggested reducing the tolerability of homelessness in cities to reduce 

homelessness, such as policing street activities associated with homelessness. Although there is 

little empirical evidence on the effects of such policies for rates of homelessness (Finlay et al. 

2023), higher costs of engaging in certain behaviors are likely to deter people from those 

behaviors, particularly if enforced (Baekgaard, Moynihan, and Thomsen 2021; Bertelli and 

Richardson Jr. 2008). Research often finds these ordinances create stress for people experiencing 

homelessness, lead to unsafe conditions, and decrease their ability to access housing and medical 

services (Herring et al. 2020; Moatism 2023; Robinson 2019; Westbrook and Robinson 2021). 

Further, these policies may conflict with services, such as reducing access to housing and 

employment while increasing the vulnerability of people experiencing homelessness (Herring 

2019). On the other hand, if not enforced or comes with only light penalties, e.g., shelter without 

legal involvement, the cost may be too low to change the locational decision (Finlay et al. 2023). 

However, any increase in costs to behaviors would create deterrence on the margin (Robinson 

2019). 
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Fourth, the relative generosity, alternative options, and punitive policies in other 

communities, j, have the reverse effect. For instance, if community j increases the generosity of 

its services by increasing funding for people experiencing homelessness, particularly relative to 

community i’s services, people experiencing homelessness will be marginally more likely to 

move to community j to use their services (Sullivan and Yokokura 2022). Thus, nearby 

communities’ levels of generosity are pull-factors, making these communities seem more 

attractive to people experiencing homelessness by offering a bundle of services better for 

housing-insecure persons (Tiebout 1956). These pull factors may be particularly strong when the 

levels of generosity in jurisdiction i are particularly low (Sullivan and Yokokura 2022). 

Similarly, community j’s enacting punitive policies may deter people experiencing homelessness 

from moving to that community. Last, the cost of moving from i to j, 𝐶𝑖𝑗𝑡 , can relate to the 

locational decisions of people experiencing homelessness. These costs include both travel costs 

and psychological costs of leaving one’s community. The higher the costs, the less likely the 

person will leave community i for community j. 

In accordance with this model, if ordinances only and sufficiently affect 𝑃𝑖𝑡, we would 

expect people experiencing homelessness to be less likely to stay in the community and instead 

to either voluntarily end their own homelessness or move outside of the jurisdiction. In making 

behaviors such as camping and panhandling criminal acts, communities add costs to public living 

and provide implementation pathways for law enforcement officials to forcibly move homeless 

individuals from the street into alternative institutions such as jails and shelters or push them 

elsewhere. Given this model and possibility of punitive policies moving the problem, we test the 

effect of ordinances regulating behaviors associated with homelessness on homelessness within a 
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community compared with communities not passing an ordinance or and neighboring 

communities.  

Empirical Approach and Methodology 

Data collection and measures 

To determine whether the passage of criminalization policies reduces the instances of a 

social concern in a given community, the authors retrieved the ordinance data from online 

municipal ordinance sites and confirmed via city websites and recent media coverage for the 100 

largest cities in the United States, based on population. This cutoff was chosen because of the 

availability of data, the broad impact of these cities as policy leaders, and the fact that most 

homeless residents in the United States live within these 100 cities. The data was collected 

between September 2021 and December 2021 and cleaned over the following month. The 

ordinance data was then reviewed and cleaned again in 2023. The initial search for ordinances 

limited the timeline of the passage of an ordinance to the years 2000 to 2021. The initial year of 

2000 was chosen because of the data availability as well as the historic shift towards localized 

regulation of homelessness as well as the massive federal investments that took place in the early 

2000s.  

The research question, literature review, and conceptual model provided a concrete 

outline when determining which ordinances to include in the data set. In line with the goal of 

investigating the criminalization of homelessness as a criminalization of publicness and visibility 

(Giamarino and Loukaitou-Sideris 2024; Markowitz and Syverson 2019), the authors first 

focused on ordinances explicitly targeting individuals who live publicly – such as camping bans 

and panhandling bans. Second, ordinances were included that are solely criminalized because the 
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behaviors were performed by people living outdoors, such as public urination, public drinking, 

disorderly conduct, and the ownership of animals by people who are not living inside a home, as 

homeless individuals are often cited for these activities (see, for example: Eiserer 2024).  

Inclusion and exclusion criteria were content based, with the ordinances initially chosen 

based on keyword searches. The ordinances were validated by confirming the site update 

features, with all municipal ordinance websites being up-to-date and accurately reflecting the 

current ordinances still “on the books.” Following a preliminary review of the research on the 

topic of homelessness ordinances, Table 1, Panel A shows the terms used to engage in the 

searches. 

Table 1. Search Terms for Ordinances 

Panel A. Included Terms 

Homelessness Unhoused Camping / 

Urban 

Camping 

Encampment Tents Sleeping 

Shelter Urinating Defecating Bathing Sanitation Indecent 

Behavior 

Nudity Panhandling Solicitation Aggressive 

Solicitation 

Beg Hawk 

Crying Of 

Wares 

Nuisance Prohibited Disturb Peace Disorderly 

Conduct 

Harassment 

Obstruction Loitering Gathering Alcohol Open 

Container 

Influence 

Intoxication Drunkenness Drinking Animals Care Neglect 

Cruelty Tethering Pet    

 

Also based on existing research, the terms in Table 1, Panel B were excluded from the search, as 

they were determined to not be primarily oriented towards the condition of homelessness or the 

nature of living in public settings.  

Panel B. Excluded Terms 

Abatement Adult Airports Animal Feces Cannabis Canvassing 
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Cemeteries Curfew Feeding of 

birds 

Illegal 

Substances 

Jaywalking Littering 

Massage Minors Noise Parade 

Obstruction 

Peddling Prostitution 

Public 

Telephone 

Booth 

Recreational 

Vehicles 

Skateboard Smoking State of 

Emergency 

Street 

Performers 

Street 

Vendors 

(severely 

impacted by 

COVID-19) 

Trespass Vehicles Weapons Workrooms  

  

The primary outcome of interest is the number of people experiencing homelessness within a 

Continuum of Care (CoC), local planning bodies for homeless services. Almost every geographic 

area in the United States is within one of about 380 CoCs (Kim and Sullivan 2023), which lead 

an annual census count of the local homeless population. The Point-In-Time (PIT) count occurs 

every January, when volunteers in each CoC go into shelters and streets to estimate the number 

of people experiencing homelessness. In addition to reporting overall homelessness, CoCs report 

several breakdowns including the number of people in emergency shelter, transitional housing, 

or unsheltered, and whether there is a child in the household. The authors connected each city’s 

ordinances to its respective CoC by looking through HUD’s CoC dashboard reports which list 

counties and cities within each CoC. As some CoCs merged over time, the authors used 2020 

boundaries for geographic consistency, the last year of our analysis. As 2007 is the first year of 

homelessness data, we dropped CoCs first adopting in 2007 or 2008 to allow for adequate 

observations for pre-treatment years. 

While a sub-CoC unit would more precisely estimate the relationship between ordinances 

and homelessness, unsheltered homelessness is typically only reported at the CoC level. The 

authors test the sensitivity of results to CoCs with only one county, as in previous research 
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limiting analyses to CoCs with one county (e.g., Lee 2021; Lee and McGuire 2017). As the 

ordinance data was collected at the city level while the data on homelessness are at the CoC 

level, the models were re-estimated using only CoCs with one county as these more closely align 

with cities. As such, estimates would be more likely to detect a relationship. As a second 

sensitivity check, the authors also limited the comparison group to neighboring CoCs. One likely 

mechanism through which ordinances could decrease homelessness is by pushing people 

experiencing homelessness to nearby communities given the relatively low cost to moving 

compared to further communities (Kim et al. 2022). If neighboring CoCs’ homelessness 

increases relative to CoCs adopting an ordinance, this comparison would be more likely to detect 

a relationship. As the estimates show the relative difference, limiting the comparison group to 

neighboring CoCs would increase the likelihood of observing this phenomenon. However, 

despite both having a greater likelihood of finding a negative relationship, results are statistically 

insignificant and similar to main results. 

 The authors focus on two sub-populations: households without children (commonly 

referred to as individual homelessness) and unsheltered homelessness because criminalization 

ordinances will likely have a stronger effect on these two groups given their visibility. The 

policies typically target behaviors exhibited by individual adults and people living in cars, tents, 

and in other forms of informal and makeshift housing, such as camping or public urination. For 

this measure, the authors collected data starting in 2007, the first year the PIT counts are 

reported, through 2020 as unsheltered counts were not reported in 2021 due to the COVID-19 

pandemic. Additionally, the relationship between ordinances and emergency shelter beds was 

estimated. As the primary form of crisis service and alternative to unsheltered homelessness, 

CoCs may respond to ordinances by increasing service provision. The outcomes were also 
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transformed to the inverse-hyperbolic sine, an approximation of a log that allows for zeroes, as 

the relationship is likely non-linear. The authors also tested the robustness of results to using a 

per capita transformation and raw count. Results shown in Appendix A are similar to main 

results. The number of transitional housing and permanent supportive housing beds, two other 

forms of services, were likewise included as potential outcomes, with results in Appendix A, 

finding no relationship. 

Analysis 

 To estimate the relationship of interest, the authors estimated an interaction weighted 

estimator (IW), a form of a difference-in-differences in an event study context when treatments 

occur at different times (Sun and Abraham 2021). The identification strategy compares variation 

in the outcome (homelessness) between treated and untreated units (CoCs) relative to the year 

before treatment. The treatment is a locality’s (CoC’s) adoption of an ordinance for the first time 

in the sample. As some CoCs adopted multiple ordinances during the study period, conceptually, 

this would mean some CoCs had a stronger treatment effect than others if passing an ordinance 

affects homelessness. However, the results would still show the average effect. Likewise, 

estimating an event study can show whether the effect grew or diminished over time, capturing 

these other passages. 

When identifying the treatment effect, it is necessary to consider the counterfactual: what 

would have happened to homelessness if a CoC had not implemented an ordinance. However, a 

counterfactual is inherently unobservable as it is another state of the world (Cunningham 2021). 

As a substitute for the counterfactual, the identification strategy uses trends in homelessness in 

comparison CoCs after treatment CoCs adopted an ordinance. This offers a counterfactual in a 

difference-in-differences design as the trends would have been similar but for the treatment. The 
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comparison group, conceptually, is CoCs that did not adopt an ordinance. However, as the data 

set only includes ordinances on the 100 largest cities, we do not know whether other CoCs did 

adopt an ordinance. Based on the IW assumptions, however, this is a minor concern as the 

research design relies on randomness in timing of adoption. If timing of adoption is like-random 

both for treated CoCs and any other CoCs which may have adopted, then the assumptions still 

hold.  

The estimation takes the following form, representing the IW estimator: 

(1) 𝑌𝑐,𝑠,𝑡 = ∑ ∑ 𝛿𝑒,𝑙1{𝐸𝑖 = 𝑒} ∙ 𝐷𝑐,𝑡
𝑙4

𝑙=−3,≠−1
2018
𝑒=2009 + 𝜃𝑋𝑐,𝑡 + 𝛼𝑐 + 𝛾𝑠,𝑡 + 𝜀𝑐,𝑠,𝑡 

Consider equation (1), representing the interaction-weighted estimator, where 𝑌𝑐,𝑠,𝑡 is 

homelessness for CoC c in state s in year t. CoC fixed effects, 𝛼𝑐, are included to control for 

time-invariant characteristics of the CoC. These control for whether the CoC adopted an 

ordinance and also control for fixed characteristics of each CoC that could bias results through 

affecting the adoption of an ordinance and homelessness. Examples of these alternative 

explanations include climate, geographic size, political ideology, urbanicity, and historical 

contexts. Importantly, fixed effects control for whether the CoC previously had a city with an 

ordinance before the study period. Fixed effects take the form of a dummy variable that is a one 

if the observation corresponds to a given CoC (Cunningham 2021; Wooldridge 2010). Instead of 

needing data on each time-invariant characteristics such as climate, this method allows 

controlling for any of these observed or unobserved characteristic. State-by-year fixed effects, 

𝛾𝑠,𝑡,  are dummy variables that are a one if the observation belongs to a given state and year. 

These control for anything common to all CoCs within each year and state, such as the political 

party of the governor or state legislature and state policies or economic conditions. They also 
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control for any characteristic each year that applies to all CoCs, such as the national economy. 

Rather than including variables and data on each of these characteristics, state-by-year fixed 

effects control for all of these time-varying characteristics through the set of dummy variables. 

Standard errors, 𝜀𝑐,𝑠,𝑡, are clustered at the CoC level as error terms likely correlate over time 

within a CoC. Last, 𝑋𝑐,𝑡 are time-varying control variables for CoCs, where 𝜃 is the relationship 

between each and homelessness. As shelters are the most commonly available alternatives to 

street homelessness the number of homeless service providers, the share of beds that are 

emergency shelter beds are also included in the model. Additionally, the share of people 

experiencing homelessness that are unsheltered is included as this could influence the timing of 

adoption. 

Fixed effects, clustering standard errors, and time-varying control variables also help 

control for measurement error in the PIT counts. For example, warmer CoCs tend to have more 

variation in their unsheltered estimates (Corinth and Lucas 2018); CoC fixed effects and 

clustering control for this as the climate does not change dramatically within the study period. 

Fixed effects also correct for differences in counting methodologies across CoCs if the 

methodology does not change within a CoC over time; clustering standard errors adjusts for the 

fact that CoCs may have more variation in their counts, such as rural CoCs. Additionally, for it to 

bias results, measurement error would have to correlate with the timing of the passage the 

ordinances. For instance, one possible scenario is if ordinances force people experiencing 

homelessness to locate in less-visible places to avoid arrest and thereby decreasing unsheltered 

homelessness on the night of the count. Another scenario is that ordinances could push people 

into shelter, making them more likely to be counted in sheltered counts, but also decreasing 

unsheltered homelessness. Taken together, these both would bias results to be more negative; as 
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a preview of results, we find no change in unsheltered homelessness, often with positive 

coefficients, suggesting measurement error to not be driving the results. 

The identifying assumption is the CoCs would have followed a similar trend but for 

treatment. For a more complete picture, the model includes effects three years before treatment 

and four years after to have sufficient observations and see short-term versus long-term effects. 

The interpretation of a given coefficient is the average treatment effect relative to the difference 

between treatment and control CoCs in the base year. Since the calendar year for a given time 

from treatment, l, differs depending on the treatment cohort, e, it is unclear the level of 

homelessness for control CoC observations as the year differs across treatment cohort. The IW 

estimator solves this issue by separately estimating a difference-in-differences for each treatment 

cohort (Sun and Abraham 2021). The coefficients showing the differences between treatment 

and control CoCs are a weighted average of the cohort-specific effects, where the weight is the 

share of CoCs adopting an ordinance in each cohort. 𝛿𝑒,𝑙 is the difference between treatment and 

control CoCs for a given year from treatment, implicitly weighted by the share of treatments in a 

given calendar year, relative to the reference difference, and thus a difference-in-differences. 

Equation (1) also allows tests for a placebo effect when l<0 as there should be no effect 

before treatment (Angrist and Pischke 2009; Granger 1969). The primary assumption of 

difference-in-differences, the parallel trends assumption, is that treatment and control groups 

would follow the same trends in outcomes but for the treatment. While this assumption cannot be 

proven, differential trends prior to treatment would suggest it to be falsified. As a preview, 

results cannot find statistically significant evidence against the parallel trends assumption for 

most models, as coefficients before treatment are statistically insignificant and generally close to 

zero.  
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Descriptive Statistics  

 Figure 1, panel A shows the number of CoCs including the 100 largest cities that first 

adopted an ordinance regulating a behavior associated with homelessness by year to show the 

number in each treatment cohort, along with the cumulative number. Although more CoCs had a 

city adopt an ordinance in earlier years, there are also late-adopters. Corresponding panel B 

shows the total number of adoptions by year. While the number grew in the early years post-

recession, the number steadied around 30 and decreased during COVID-19 years. 

Figure 1. Ordinances by Year 

Panel A. First Adoptions by Year 

 

Panel B. Total Adoptions by Year 
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It is important to note that the descriptive statistics show that most of the cities within the 

sample adopted their first ordinance before 2013. Further, the adoption of additional policies is 

cyclic in nature, with dozens of cities adopting ordinances within the same multi-year cycle and 

followed by a lull, and then a renewed interest. Taken together, these results indicate that many 

cities continue to pass policies over several years and have had a sustained interest in the use of 

these ordinances. 

In terms of outcomes for treated CoCs pre-treatment, the average rate of overall 

homelessness was about 30.0 people per 10,000 residents. The rate for individual homelessness 

was 18.8 and unsheltered 7.2. In the comparison group, the averages were lower for overall 

homelessness (20.8) and individual (14.0), although slightly higher for unsheltered (8.8). When 

limiting to comparison CoCs with only one county, as we do for a sensitivity check, the rates 

become more comparable, 26.0, 18.1, and 10.8, respectively.  

Findings 
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Main Results 

The estimates from equation (1) are shown in Figure 2, where each marker shows the 

difference between CoCs adopting an ordinance and those not adopting an ordinance relative to 

difference the year before adoption. The shaded bars represent the 95% confidence intervals. If a 

bar does not cross the dashed, horizontal line, then the relationship is statistically significant at 

the 5% significance level. Overall, the findings suggest that ordinances regulating behaviors 

associated with homelessness do not relate with a reduction in homelessness.  

First, looking at individual homelessness, no coefficients are statistically significant, and 

all are typically close to zero or positive post-adoption. While there is some evidence 

homelessness could increase somewhat two years after adoption, there is significant variation. 

On average, relative to the difference with comparison CoCs before adoption, individual 

homelessness increased by 1.6% after adoption, with a 95% confidence interval of a 4.8% 

decrease and 8.1% increase. At most, ordinances relate with a small decrease in individual 

homelessness, although the average results point towards a small increase.  

Figure 2. Main Results 

Panel A. Individual Homelessness 



26 

 

 

Notes: Each marker shows the difference in individual homelessness between CoCs adopting an ordinance and those not 

adopting an ordinance relative to the year before adoption. The shaded bars represent the 95% confidence intervals. Data are for 

2007-2020, where the treatment group includes CoC first adopting an ordinance between 2009 and 2018. CoC, year, and state-

by-year fixed effects are included. Annual data on the number of service providers, share of beds that are emergency shelter beds, 

and share of people experiencing homelessness that are unsheltered are included for pre-treatment years. N=4,443; Treated 

units=46. 

 Second, looking at unsheltered homelessness in panel B, all coefficients are again 

statistically insignificant. While there is variation in treatment, the post-treatment coefficients are 

positive the first three years. This suggests unsheltered homelessness does not change as a result 

of adoption. On average, there is a 2.2% increase in unsheltered homelessness, although this is 

statistically insignificant.  

Panel B. Unsheltered Homelessness 
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Notes: Each marker shows the difference in unsheltered homelessness between CoCs adopting an ordinance and those not 

adopting an ordinance relative to the year before adoption. The shaded bars represent the 95% confidence intervals. Data are for 

2007-2020, where the treatment group includes CoC first adopting an ordinance between 2009 and 2018. CoC, year, and state-

by-year fixed effects are included. Annual data on the number of service providers, share of beds that are emergency shelter beds, 

and share of people experiencing homelessness that are unsheltered are included for pre-treatment years. N=4, 443; Treated 

units=46. 

Turning last to emergency shelter beds in panel C, results are again statistically 

insignificant, although there is a slightly growing trend, which could suggest CoCs respond in 

the long-term by increasing service provision, but the relationship may be small or take place 

slowly over time. 

Panel C. Emergency Shelter Beds 
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Notes: Each marker shows the difference in emergency shelter beds between CoCs adopting an ordinance and those not adopting 

an ordinance relative to the year before adoption. The shaded bars represent the 95% confidence intervals. Data are for 2007-

2020, where the treatment group includes CoC first adopting an ordinance between 2009 and 2018. CoC, year, and state-by-year 

fixed effects are included. Annual data on the number of service providers, share of beds that are emergency shelter beds, and 

share of people experiencing homelessness that are unsheltered are included for pre-treatment years. N=4, 443; Treated units=46. 

 

Model Validity 

The primary assumption of the difference-in-differences research design is that trends in 

the outcome between treatment and control groups would have followed the same trend if 

treatment never happened (Angrist and Pischke 2009; Cunningham 2021; Roth et al. 2023), as 

discussed in the methods section. While this counterfactual can never be proven, it can be 

falsified if there were differential trends prior to treatment. This is because differential trends 

would suggest the treatment and control CoCs differed before treatment and are therefore not 

suitable comparisons (Hassell and Holbein 2024). Similar trends before treatment, on the other 

hand, suggest that the two groups would have followed similar trends in the outcome but for the 

treatment. Looking at the graphical evidence from the event study plot prior to treatment is one 

common test as the coefficients should generally be statistically insignificant and close to zero 

before treatment (Wing and Simon 2018). Returning to figure 2, there are no clear pre-trends in 
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any panel. Estimates prior to treatment are generally close to zero and statistically insignificant. 

This provides additional evidence for our assumption that CoCs without a city adopting an 

ordinance provide a suitable counterfactual. 

Sensitivity checks 

To test the robustness of our assumptions, the authors estimate two sensitivity checks. 

First, when limiting the analysis to CoCs with only one county, results in Figure 3 generally 

provide more evidence for a decrease in unsheltered homelessness, although it is not necessarily 

clear it results from the ordinance. For instance, while unsheltered homelessness has negative 

coefficients post-treatment, they are similar to unsheltered homelessness pre-treatment, 

suggesting it to not be driven by the ordinance. Therefore, results can be considered consistent 

with main findings when limiting to one-county CoCs. 

Figure 3. CoCs with One County 

Panel A. Individual Homelessness 

 

Panel B. Unsheltered Homelessness 

 

Panel C. Emergency Shelter Beds. 
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Notes: Each marker shows the difference in emergency shelter beds between CoCs adopting an ordinance and those not adopting 

an ordinance relative to the year before adoption. The shaded bars represent the 95% confidence intervals. Data are for 2007-

2020, where the treatment group includes CoC first adopting an ordinance between 2009 and 2018. CoC, year, and state-by-year 

fixed effects are included. Annual data on the number of service providers, share of beds that are emergency shelter beds, and 

share of people experiencing homelessness that are unsheltered are included for pre-treatment years. CoCs are limited to those 

with one county. N=2,246; Treated units=31. 

As a second sensitivity check, the authors limit the comparison group to neighboring 

CoCs. Figure 4 shows these results. Contrary to this possibility, results are similar to main results 

or possibly more indicative of an increase, providing further support that ordinances likely do not 

decrease homelessness within the community. 

Figure 4. Comparison to Neighboring CoCs

Panel A. Individual Homelessness 

 

Panel B. Unsheltered Homelessness
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Panel C. Emergency Shelter Beds 

 

Notes: Each marker shows the difference in emergency shelter beds between CoCs adopting an ordinance and those not adopting 

an ordinance relative to the year before adoption. The shaded bars represent the 95% confidence intervals. Data are for 2007-

2020, where the treatment group includes CoC first adopting an ordinance between 2009 and 2018. CoC, year, and state-by-year 

fixed effects are included. Annual data on the number of service providers, share of beds that are emergency shelter beds, and 

share of people experiencing homelessness that are unsheltered are included for pre-treatment years. Comparison CoCs are 

limited to those neighboring a CoC adopting an ordinance. N=1,687; Treated units=43. 

 

Discussion and Conclusion  

Criminalization policies tie specific identities and actions to the concept of deviancy, 

with the goal of incentivizing individuals to not engage in specific behaviors and to encourage 

those with particular identities to leave the municipality. In the case of homeless criminalization, 

municipal actors often claim that the intention of punitive ordinances is to increase community-

level safety and security by placing heavy costs on homeless individuals, thereby incentivizing 

these individuals to either move to another area or voluntarily end their unsheltered state 

(Giamarino and Loukaitou-Sideris 2024; O’Flaherty 2019). However, as the findings in this 

article indicate, the passage of such policies – including both the ordinances that explicitly target 

actions related to homelessness and those that target the homeless condition – does not yield a 

long-term reduction in the number of people experiencing homelessness on a given night. 

Therefore, based on this study’s data, these ordinances appear to lack empirical support to reduce 
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community-level costs or provide community-level benefits. In the absence of such benefits, 

only the significant costs to the individual remain. 

Furthermore, findings provide several contributions to the literature on criminalization 

policies, broadly, and homeless criminalization, in particular. First, this study provides important 

insights into the ineffectiveness of criminalization policies by offering nationwide, quasi-

experimental evidence on the potential community-level benefits of criminalization. While 

previous studies have offered evidence on the negative effects of criminalization policies at the 

individual-level (e.g., Finlay et al. 2023) or explored why communities pass these policies (e.g., 

Gaynor 2018; Giamarino and Loukaitou-Sideris 2024), a rigorous nationwide study on the effect 

on these policies at the community-level has been missing. In filling this gap, this research sheds 

light on the deterrence logic and suggests that generosity may better explain a fluctuation in the 

number of homeless individuals in a given community, as individuals might choose to migrate to 

seek services that can best address their needs rather than due to the fear of punishment (Tiebout 

1956). For instance, a survivor of domestic violence experiencing homelessness may not feel 

pressured to move due to punitive laws but may do so to find appropriate services particularly 

given geographic gaps in service provision (Shechter 2021).  

Second, by exploiting variation in the timing of laws and controlling for fixed 

characteristics of communities, we can better identify the relationship between these policies and 

subsequent rates of homelessness. We provide plausibly causal evidence that the ordinances have 

little material benefit for the community. This finding is consistent with the argument that these 

laws exist to impose costs on people with the identity rather than to provide a community-level 

benefit by reducing the number of homeless individuals within a given local area. Thus, not 

finding a reduction in homelessness supports the theoretical argument that criminalization 
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policies are created and enforced with the intention of tying the concept of deviance to a specific 

identity (Gaynor 2018; Markowitz and Syverson 2019). In this case, policies that criminalize 

activities closely related to homelessness can be thought of as intentionally designed to connect 

the concept of “criminality” to people who experience homelessness (Canham et al. 2021). They 

are then implemented in a way that intends to levy personal costs on homeless individuals given 

the stigma and blameworthiness associated with homelessness (Markowitz and Syverson 2019; 

Tausen and Fossum 2024).  

Third, with respect to homelessness, this research provides new opportunities for 

potential studies regarding policy effectiveness in the area of homelessness response and 

reduction. In 2024, the United States Supreme Court considered whether a city’s choice to levy 

fines and fees on individuals caught sleeping in tents or cars when no shelters are available 

constitutes “cruel and unusual punishment” in accordance with the Eighth Amendment of the 

United States Constitution (City of Grants Pass v Johnson, 2024). In a 6-3 ruling, the Court 

determined that the city’s punitive policies could not be considered cruel and unusual 

punishment because they were not considered to be extremely personally harmful. The policies 

themselves were also not written in a way that criminalized the homeless status, but rather levied 

costs on specific actions that could be taken by any individual. More broadly, the Court argued 

that federal judges should not and cannot control the types of policies localities pass when 

seeking to combat homelessness and provide community-level benefits to a local area. Yet, the 

Court held that local legislators can still decide on the most appropriate policies. To support 

effective policymaking at the local level, the findings in this study offer important insights for 

these local actors regarding the limited effectiveness of punitive policies and the need to explore 

and support efforts that will produce the intended community benefits. Instead, local 
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governments may consider other solutions, such as expanding access to low-barrier shelter, to 

address homelessness. 

Moreover, this study has multiple limitations and directions for future research. First, our 

study’s analysis is limited to the data available: municipal/CoC-level and annual. While we 

tested the sensitivity of results to CoCs that are one-county, more geographically precise and 

frequent data across cities could improve the identification of the effect. Additionally, as we only 

collected data on ordinances in the 100 largest cities, further research can create a nationwide 

census of criminalization ordinances for additional analyses. Second, the study offers several 

important follow up questions such as, what other considerations might hinder the effectiveness 

of the deterrence rationale, in the case of homelessness criminalization? and why are these 

policies passed despite limited evidence of their effectiveness? Future research can utilize 

quantitative and qualitative methodologies – including surveys, ethnographic studies, and 

interview-based research – to identify various explanations for both the limited effectiveness of 

deterrence efforts within the population of people experiencing homelessness as well as the 

sustained interest in these policies, including any social and political benefits as well as the 

significance of these ordinances to local law enforcement and criminal justice systems. Third, we 

cannot observe the enforcement of these ordinances across cities, potentially limiting the strength 

of these ordinances. Future research can further analyze the intensity of these ordinances as 

written and their enforcement to determine variation in the likely intensity of punitive policies 

(e.g., in the vein of Giamarino and Loukaitou-Sideris 2024).  
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Data Availability Statement: 

The data that support the findings of this study are available from the corresponding author, upon 

reasonable request. 
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Appendix A 

Figure A1. Per 10,000 Population 

Panel A. Individual Homelessness 

 

Panel B. Unsheltered Homelessness 

 

Panel C. Emergency Shelter Beds 
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Figure A2. Raw Number 

Panel A. Individual Homelessness 

 

Panel B. Unsheltered Homelessness 

 

Panel C. Emergency Shelter Beds 
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Figure A3. Transitional Housing and Permanent Supportive Housing (inverse hyperbolic sine) 

Panel A. Transitional Housing Beds 

 

Panel B. Permanent Supportive Housing Beds 
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